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ABSTRACT

Neural Networks are currently considered one of the most powerful tools for a variety of tasks,
including anomaly detection, computer-aided disease diagnosis, and natural language process-
ing. However, a major drawback of these models is their lack of interpretability, often referred
to as the “black-box” problem, which makes it difficult to understand how predictions are
made. To address this issue, a Neural Network architecture inspired by Generalized Additive
Models (GAMs) was introduced. This approach involves fitting an independent Neural Net-
work to estimate the contribution of each feature to the output variable, resulting in a highly
accurate and interpretable Deep Learning model. The method provides a flexible framework
for building Generalized Additive Neural Networks without imposing constraints on the net-
work architecture. The proposed algorithm is applied to a real-world use case. Additionally,
in order to make this methodology accessible to the research community, an R package is being
developed, neuralGAM, providing robust, well-documented, and reproducible tools to facilitate
its application and further exploration.
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